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Abstract: This paper reviews recent studies on the application of large language models (LLMs) in the generation, inference, and explana-
tion of industry historical reports. The analysis focuses on LLMs’ performance in handling complex text generation tasks, highlighting their
strengths and challenges. The findings demonstrate that LLMs effectively integrate multi-source data, producing high-quality industry reports
while showing potential in inference and explanatory tasks. However, the models face challenges related to data dependency, interpretability,
multilingual capabilities, and ethical issues in practical applications. Future research directions include improving model architectures, en-
hancing data quality, increasing interpretability, and ensuring ethical compliance to advance the use of LLMs in industry report generation.
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1. Introduction

The rapid advancement of artificial intelligence (Al), particularly in natural language processing (NLP), has revealed the immense poten-
tial of large language models (LLMs) in handling complex text generation and comprehension tasks. These models can generate coherent text,
conduct intricate reasoning, and provide explanations, making them widely applicable across various industries. In recent years, the applica-
tion of LLMs in the synthesis, inference, and explanation of industry historical reports has gained significant attention. These reports typically
involve extensive data and information, requiring high accuracy and logical consistency while maintaining objectivity and conciseness. This
paper provides a comprehensive review of recent studies on the application of LLMs in this domain, discussing their advantages, challenges,

and future directions.
2. Theoretical Foundations of Large Language Models
2.1 Core Concepts and Evolution of LLMs

The fundamental concept behind LLMs is their ability to generate high-quality natural language text through training on massive textual
datasets. Unlike traditional statistical language models, LLMs rely on deep learning-based sequence-to-sequence models, utilizing self-atten-
tion mechanisms to capture long-range dependencies within text, which enhances their performance on complex language tasks (Zhang et al.,
2024).

In recent years, as computational power and data resources have expanded, LLMs have scaled up from hundreds of millions to hundreds
of billions of parameters. These models not only generate coherent text but also comprehend contextual information, enabling them to perform
complex reasoning and explanatory tasks (Szalontai et al., 2024).

2.2 Applications of LLMs in Text Generation

Text generation remains one of the primary applications of LLMs. As the scale of these models increases, their ability to generate ex-
tended, coherent text improves, enabling them to effectively integrate information from diverse sources and produce logically consistent, well-
structured reports. These attributes make LLMs particularly promising for generating industry historical reports.

In this context, LLMs can autonomously generate logically coherent reports based on extensive industry data. For example, the EmbSum
framework leverages LLMs to generate user interest summaries, thereby enhancing content-based recommendation systems (Zhang et al.,
2024). This approach is similarly applicable to the generation of industry historical reports, where LLMs can synthesize information from

multiple sources to produce reports of high reference value.

-30 -



Avrtificial Intelligence Technology Research

2.3 Case Studies in the Medical Field

The application of LLMs in the medical field provides valuable insights into generating industry historical reports. In healthcare, elec-
tronic health records (EHRs) contain complex data, which LLMs can analyze and understand to generate highly accurate medical reports. For
instance, Li et al. (2024) demonstrated LLMs' potential in processing complex medical data by generating high-quality medical reports from
EHRs (Li et al., 2024). This experience can be extrapolated to the generation and analysis of industry historical reports, particularly in han-
dling multi-source data and complex information where LLMs exhibit significant advantages.

3. Applications of LLMs in Inference and Explanation
3.1 Challenges in Synthesizing Inference

Inference is a critical application area for LLMs, especially in generating industry historical reports where the model must process ex-
tensive background information and derive logical conclusions. This process typically involves analyzing and integrating complex data while
deeply understanding the industry context.

However, LLMs still face considerable challenges in inference tasks. For example, the study by Savelka and Ashley (2023) indicates that
while newer LLMs, excel in semantic annotation of legal texts, their inference accuracy remains limited when dealing with uncertain informa-
tion or data gaps (Savelka et al., 2023). Additionally, LLMs may struggle with inference errors when processing complex industry background
information, particularly when multiple data sources are involved, leading to inaccurate conclusions.

3.2 Self-Explanation Capabilities

Recently, researchers have begun to focus on LLMs' self-explanation capabilities, particularly in tasks such as sentiment analysis. Huang
et al. (2023) explored the self-explanation capabilities of LLMs, finding that these models can partially replace traditional explanation meth-
ods, offering cost-effective advantages (Huang et al., 2023). This self-explanatory ability also holds potential in explaining industry historical
reports, helping readers better understand the report content, especially in complex industry contexts, where self-explanation can significantly

enhance the report's readability and comprehension.
4. Technical Challenges and Future Directions
4.1 Data Dependency and Model Bias

Despite their strong performance in text generation and inference, LLMs face significant challenges related to data dependency and in-
herent model biases. In the generation of industry historical reports, the diversity and accuracy of data directly impact report quality. Zou and
He (2023) noted that LLMs often exhibit biases when processing diverse datasets, potentially affecting the fairness and objectivity of the gen-
erated text (Zou & He, 2023). Furthermore, training data for these models often come from publicly available web data, which may contain
biases or inaccuracies, subsequently influencing the model's output quality.

The accuracy and diversity of data are particularly crucial in generating industry historical reports. LLMs must effectively handle hetero-
geneous data and extract key information, especially when dealing with historical data across multiple industries. However, due to data source
variability and complexity, models may encounter challenges such as data sparsity and inconsistency, potentially leading to decreased report
accuracy.

4.2 Model Interpretability and Transparency

Model interpretability and transparency have become focal points in current LLM research. For generating industry historical reports,
users typically need to understand the model's decision-making process to intervene manually when necessary. For example, when generating
a historical report for the financial industry, LLMs might produce a text report containing complex data analysis, but users need to know the
basis of these analyses and the reasoning process to ensure report accuracy and fairness (Akinci D'Antonoli et al., 2023).

Future research could improve model interpretability and transparency by enhancing model architectures and incorporating more do-
main-specific knowledge. Some studies have already attempted to increase model transparency by adding interpretability modules, enabling
users to understand the model's reasoning process better. For example, adding visualization tools to display the model's reasoning path and
decision basis or providing detailed annotations and explanations to help users understand the text generated by the model.

4.3 Ethical Issues in Practical Applications

The application of LLMs in generating industry reports also raises ethical concerns, particularly when dealing with sensitive industry
data. These models may inadvertently expose private data or generate inaccurate information, posing potential risks. Borkowski et al. (2023)
pointed out that LLMs often require special attention to information authenticity and privacy protection in fields like healthcare and law

(Borkowski et al., 2023). These considerations are equally relevant to generating and reasoning industry historical reports, especially when
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involving personal data or sensitive corporate information, necessitating strict adherence to ethical standards.

Moreover, LLMs may reflect biases from their training data, leading to unfairness in the report content. For instance, if the training data
primarily originates from a specific region or cultural background, the generated report might skew towards that region or culture, affecting
the report's fairness and comprehensiveness. Therefore, in practical applications, collaborative efforts are needed to ensure the responsible use
of models, including reviewing and supervising model outputs and ensuring diversity and fairness in model training data.

4.4 Multilingual Processing Capabilities

In the context of globalization, multilingual processing capabilities have become a crucial consideration in LLM applications. Industry
historical reports, especially for international enterprises and cross-border industries, often require compilation and interpretation in multiple
languages. However, most LLMs still face limitations in handling multilingual tasks. For instance, Wei et al. (2023) found that while LLMs
have made some progress in zero-shot classification and information extraction in bilingual applications, significant differences remain in per-
formance across different languages (Wei et al., 2023).

To address these issues, future research could explore more multilingual processing technologies, such as increasing the size and qual-
ity of multilingual corpora or developing model architectures specifically designed for multilingual tasks. Additionally, cross-lingual transfer

learning techniques could be introduced, enabling models to maintain high accuracy when processing low-resource languages.

5. Potential Industry Applications

As LLMs continue to evolve, their potential in generating industry historical reports is increasingly apparent. Whether in finance, manu-
facturing, or technology, LLMs can quickly generate high-quality industry reports through automation, providing robust support for decision-
makers.

In the finance industry, LLMs can integrate vast amounts of market data and economic indicators to produce detailed market analysis
reports, helping companies predict future market trends. For example, researcher explored the application of LLMs in the oil and gas industry,
demonstrating these models' potential to extract actionable insights from raw drilling data. This research can also be applied to the finance in-
dustry, where multi-source data integration generates accurate market forecast reports.

In manufacturing, LLMs can analyze production data and supply chain information to generate forward-looking industry reports, aid-
ing companies in optimizing production processes and supply chain management. For instance, LLMs can identify bottlenecks in production
processes through data analysis and propose improvements to enhance production efficiency and reduce costs.

In the technology sector, LLMs can track the latest technological trends and generate innovative, forward-looking industry reports. Par-
ticularly in the fast-changing tech landscape, LLMs can analyze tech news, patent data, and academic papers to predict future technological

trends and provide references for companies' R&D and market strategies.

6. Conclusion

This paper comprehensively reviewed the applications of LLMs in generating, inferring, and explaining industry historical reports, dis-
cussing these models' strengths and challenges in practical applications. The findings suggest that LLMs excel in text generation, significantly
improving report quality and efficiency. However, the models' accuracy and interpretability in reasoning and explanation still need improve-
ment, especially when dealing with complex data and multilingual tasks, where performance remains unstable.

Future research could further enhance the application of LLMs in industry historical reports by optimizing model architectures, improv-
ing data quality, and incorporating more domain knowledge. Additionally, strict adherence to ethical standards is essential in practical applica-
tions to ensure the fairness and accuracy of model outputs. Overall, LLMs hold great potential in generating industry historical reports, and as

technology advances, these models are expected to play a more prominent role in various sectors.
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